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Abstract

Recent debates about ‘left behind’ places have opened up new opportunities to
understand the interconnected challenges faced by many regions in the Global North.
At the same time, the application of this label to a wide variety of places with different
characteristics has been accused of obscuring as much as it reveals. In this paper, we
shed light on the variegated nature of ‘left behind’ regions through a cluster analysis of
NUTSS3 regions in the EU15. We identify six types of areas, of which three can be
described as ‘left behind’ based on their performance on a range of economic,
demographic and social variables. There are important differences between these
three types of regions, strengthening the argument for policy responses adapted to
local circumstances.

Keywords: ‘left behind’ places, regional inequalities, economic divergence,
demographic decline, peripheralisation

1. Introduction

In recent years, expressions of ‘discontent’ such as the election of Donald Trump, Brexit, and
the rise of populist/anti-establishment parties in many parts of the Global North, have
reawakened concerns about the gap between prosperous and struggling places. The latter
have, in the Anglophone world at least, often been referred to as ‘left behind’ (Dijkstra et al.,
2020; Kemeny & Storper, 2020; Martin et al., 2021; Rodriguez-Pose, 2018). However, a wide
variety of regions are subsumed under this label, from small rural communities experiencing
population decline and brain drain (Ulrich-Schad & Duncan, 2018; Wuthnow, 2018) to former
industrial cities adapting to structural change (Flint & Powell, 2021), which obscures their
different circumstances and needs. Additionally, the questions “in relation to what or who
should places be seen as ‘left behind’?”, and “what is the temporality of ‘left-behindness™ are
often glossed over (Pike et al., n.d.). There is, therefore, a lack of clarity about exactly what it
means to be 'left behind', and which places are most affected.

In response, this paper provides an attempt to measure ‘left-behindness’ empirically, while
doing justice to its heterogeneity. Using k-means cluster analysis, and incorporating a range of
economic, demographic and social variables, we develop a typology of all NUTS3 regions in
the EU152. We find multiple clusters that could be described as ‘left behind’, as well as
clusters characterised by relative prosperity and growth. The typology offers insights into the
differential characteristics of lagging and marginalised regions, and so respond to a need for a
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greater differentiation between various kinds of ‘left behind’ places (Martin et al., 2021; Nilsen
et al., 2022).

In the next section we review how the dimensions, geographic scale and temporality of ‘left-
behindness’ are constructed in the literature. Section 3 describes the data and methods used
in our analysis. Section 4 provides a description of results, and in section 5 we discuss the
implications of our findings. The final section concludes the paper.

2. ‘Left behind ‘how’, ‘where’, ‘when’, and ‘in relation to what'?

The use of the term ‘left behind places’, originating in the Anglophone world, has accelerated
since the 2008 global financial crisis and is used across the Global North to label territories
that have been negatively affected by globalisation, economic and technological change and
are facing economic, demographic, social and political challenges (Pike et al., n.d.).

The construction of ‘left-behindness’

In contrast to terms such as ‘lagging’ or ‘less favoured’, which tend to have a narrower
economic interpretation, the label ‘left behind’ appears to refer to a more broadly-defined
condition including important demographic and social elements (Dijkstra et al., 2020; Martin et
al., 2018; Rodriguez-Pose et al., 2021).

Among economic geographers, ‘left behind’ places are framed as territories that have failed to
benefit from the economic shifts and dominant growth paradigms of recent decades.
Globalisation and technological change have reduced demand for certain skills and industries,
which has led to job losses and economic decline, as well as to a sense of lost purpose and
status, particularly in regions with large manufacturing sectors (lammarino et al., 2017; Martin
et al., 2018; McCann & Ortega-Argilés, 2021; Rodriguez-Pose, 2018). Differences in
economic prosperity and dynamism, as measured through measures of economic growth,
productivity and employment creation, are thus central to understand ‘left behind’ places.
Additionally, the experience of disruptive economic change, notably deindustrialisation, is
strongly linked to the idea of a ‘left behind’ region.

Though these economic processes are seen as central, literature in this area, particularly that
exploring the ‘geographies of discontent’, moves beyond a purely economic focus. For
instance, reports that lack of education, low incomes, and income inequality played a role in
events like the Brexit vote and election of Donald Trump, have heightened concern over
issues such as poverty and inequality among economic geographers (e.g. Rodriguez-Pose,
2018). Such political events have been interpreted as expressions of discontent, taking
various forms ranging from political disenchantment and distrust of elites to broader feelings of
marginalisation. The observation that these expressions of discontent are overrepresented in
particular territories is arguably leading to more holistic considerations of the interplay
between economic, demographic, social and cultural factors in ‘left behind’ places.?

A prominent demographic feature seen in accounts of ‘left behind’ places is outmigration, and
the subsequent population decline that this can cause (lammarino et al., 2017; Jennings &



Stoker, 2019; Rodriguez-Pose et al., 2021). As argued in theories of ‘shrinking cities’, though
population decline is often brought on by economic causes, once instigated this demographic
shrinkage can exacerbate the economic challenges and result in a vicious circle that is difficult
to break out of (Martinez-Fernandez et al., 2012; Wolff et al., 2021). The literature on urban
shrinkage additionally describes how population decline often has a negative effect on the
provision and maintenance of local services and infrastructure (Béal et al., 2019; Cauchi-
Duval et al., 2016; Franklin, 2021; Martinez-Fernandez et al., 2012; Wolff & Wiechmann,
2018). Population shrinkage and its associated effects (vacant housing, withdrawal of
services) can in turn affect people’s perceptions of the vitality of their territory (Hollander,
2011), and thus, contribute to feelings of being ‘left behind’.

Demographic decline is particularly an issue of concern in rural and peripheral areas. Perhaps
even more so than urban regions, such areas are often framed as ‘left behind’. We can see
this in the narrative of a growing economic divide between large ‘superstar’ cities and smaller
towns, villages and rural areas (lammarino et al., 2019; Kemeny & Storper, 2020), as well as
by those who frame rural and peripheral areas as sites of discontent, economic misfortune,
and poverty (Fortner et al., 2021; Guilluy, 2015).

However, while many remote rural areas certainly face challenges, recent contributions have
questioned the tendency to treat peripheries as a static spatial category, instead emphasising
the dynamic and relational nature of the process by which places are rendered peripheral over
time (Kihn & Weck, 2013; Lang, 2012; Leibert & Golinski, 2016). According to this
perspective, peripheries are made and unmade as a result not just of economic shifts but of
decisions by public and private actors (Kihn, 2015; Leibert & Golinski, 2016; Pugh & Dubois,
2021). Key aspects in the peripheralisation process are: out-migration, infrastructure and
knowledge network disconnection, dependence upon larger cites for funding and services,
and discursive marginalisation (Kiihn & Weck, 2013; Leibert & Golinski, 2016).

By conceptualising peripheralisation as a dynamic process involving relationships between
actors, this concept challenges the idea that sparsely populated or remote regions are, by
nature, destined to become 'left behind'. It allows us to see how similar processes of
marginalisation can be observed in regions that are not peripheral in a traditional geographical
sense. As such, designating regions as ‘left behind’ based on their settlement structure or
distance from ‘core’ regions seems inappropriate.

The multidimensionality of ‘left-behindness’

The notion of ‘left-behindness’ thus clearly incorporates multiple dimensions. However, the
various processes discussed above have different implications for regions and their residents.
Moreover, not all dimensions will affect all ‘left behind’ regions to the same extent. Places may
lag behind on one measure, but much less so on another (Martin et al., 2021).

For instance, literature on urban shrinkage points out that population loss can result from
several different processes, each with different implications. Whereas population loss caused
by declining birth rates is often part of a broader national trend rather than reflecting purely
local conditions, extensive out-migration, especially of younger and more highly-educated
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groups, is more likely to be a response to region-specific factors such as economic decline or
a lack of amenities (Cauchi-Duval et al., 2016; Wiechmann & Pallagst, 2012). The latter may
also have more direct impacts on the region’s available workforce and its level of human
capital (McCann, 2017).

This literature additionally reminds us that while economic and demographic decline are
interlinked, this relationship is not straightforward (Cauchi-Duval et al., 2016; Haase et al.,
2016). As argued by Wolff and Wiechmann (2018), similar economic drivers may have
different effects on population trends across different regions. Similarly, population loss is not
uniformly a cause for (further) economic decline (Bartholomae et al., 2017; Hartt, 2018).

The multitude of related but only partially overlapping dimensions presents difficulties in terms
of categorising areas as ‘left behind. We argue that, instead of picking a single indicator of
‘left-behindness’ or combining multiple indicators into an overall index, ‘left behind’ regions
can usefully be seen as encompassing a variety of conditions, characterised by different
combinations of issues. In this we follow the example of recent literature exploring ‘varieties of
shrinkage’ (Haase et al., 2016; Karp et al., 2022; Ribant & Chen, 2020). This literature
describes how shrinkage can have different underlying causes, and has different effects on
local housing markets and infrastructure depending on the national and regional context.

In this paper we similarly emphasise the issue of variegation by developing a typology of
European regions, using cluster analysis based on measures designed to capture the key
features of economic, social and demographic marginalisation discussed above. This typology
does not neatly separate ‘left behind’ places from other regions in a simple dichotomy. Rather,
our approach emphasises the variety of regional conditions and performance across the
EU15.

The scale of ‘left-behindness’

Because the underlying processes rendering territories ‘left behind’ act on different scales,
determining the scale at which ‘left-behindness’ manifests itself is complicated. Economic
processes such as deindustrialisation play out at the regional level whereas geographies of
poverty and wealth are more “fractal” in nature (Dorling & Pritchard, 2010, p. 90), with income
levels varying substantially between neighbourhoods. Glossing over the different scales at
which these inequalities play out can contribute to a sense of confusion about who or where is
(most) ‘left behind’, with some pointing out that even economically successful cities such as
London contain substantial areas of deprivation (Eaton, 2021).

The interplay of these micro and macro processes makes it difficult to choose an appropriate
spatial scale for analysis. In previous studies, scales range from NUTS1 regions to smaller
local and neighbourhood-level geographies (Bolton et al., 2019; Dijkstra et al., 2020; Pilati &
Hunter, 2020; Rodriguez-Pose, 2018). An area deemed ‘left behind’ on a lower scale might
disappear as left behind on larger scales of analysis, as Pugh & Dubois (2021) discuss in
relation to peripheries. For the purposes of this paper, we use NUTS3 regions. Though
relatively small, NUTS3 regions remain meaningful geographies for economic measures such



as output growth and industrial change, which are central to the concept of being ‘left behind’.
They moreover offer data covering multiple dimensions and allow for international comparison.

The pan-EU scope of the present study additionally raises questions regarding the reference
point to be used to determine whether a place is ‘left behind’. We argue that the national
context is the most salient in shaping perceptions of being ‘left behind’, particularly when it
comes to economic measures and those related to living standards. This is because for the
most part the nation remains a more important ‘imagined community’ than the European
Union, and perceptions of social reality remain strongly nation-centric (Anderson, 2006;
MaleSevi¢, 2019). As such, the national is likely to be the most important scale at which
people evaluate the relative prosperity of their local or regional area. Given large differences
in levels of economic development between countries (Pilati & Hunter, 2020), this calls for an
approach that takes into account national variations of certain measures.

The temporal nature of ‘left-behindness’

A further important distinction is between current conditions, and processes of change over
time. As argued by several authors (Carreras et al., 2019; Essletzbichler et al., 2018;
Rodriguez-Pose et al., 2021) a key cause of the dissatisfaction felt in many communities is not
their current economic status, but the perception that their relative position in society has
declined compared to their past. In a similar vein, Pilati and Hunter (2020) argue that when it
comes to territories with a lower level of economic development, it is important to distinguish
between regions in the process of catching up to national or EU levels, and regions that have
growth rates at or below the national or EU rate and can therefore truly be described as
‘lagging’. A dynamic perspective is therefore important in understanding ‘left behind’ areas.

At the same time, territorial inequalities in cross-sectional terms are arguably equally important
given there is often a desire in public policy to target support at the areas that are currently
‘worst off’.

We therefore argue that both dynamic and cross-sectional measures should be taken into
account. Inclusion of both measures is necessary as the regions that have experienced the
most (economic) decline over the past four decades are not necessarily the same as the
areas currently located at the bottom of the distribution (lammarino et al., 2020; Kilroy &
Ganau, 2020).

A second question, particularly when it comes to evaluating growth or decline over time, is
regarding the appropriate timeframe. Pilati & Hunter (2020), Rodriguez-Pose (2018) and
lammarino et al. (2020) examine changes in GDP, employment and/or population over,
respectively, the period 2000-2018, the period 1990-2014 and the period 2000-2014. In this
study, we evaluate change between 1991 and 2018, given the importance of long-term
economic change in shaping perceptions/feelings of being ‘left behind’, and 1991 being the
first year with data availability for all territories in the EU15.



3. Data and methods

We conduct a cluster analysis of all NUTS3 regions in the EU15, using a k-means approach.
The aim of the cluster analysis is to identify groups of regions that share similar features with
respect to the various dimensions of ‘left-behindness’ outlined above. The clusters are then
evaluated in terms of their distinctive characteristics, and we discuss to what extent, and in
what way, each conforms to the idea of a ‘left behind’ region.

Variables and data sources

Following the discussion above, we use a mix of cross-sectional (point-in-time) and dynamic
measures to be able to explore the differential importance of each for different regions. Table
1 provides a summary of all ten variables used in the analysis and their data source.

To capture the economic dimension of ‘left-behindness’, we use regional gross domestic
product (GDP) per head in 2018 as a measure of the level of economic development of each
region. To account for substantial national variations in per capita GDP across the EU15, we
express each region’s GDP per head as a percentage of national GDP per head, thus
evaluating a region’s level of development relative to that of the member state to which it
belongs. To measure long-run economic growth, we calculate growth in GDP per head since
1991. Again, this is expressed relative to national growth in GDP per head (by subtracting the
national from the regional growth rate), to produce an indicator of the extent to which the
region has managed to track, exceed, or fall behind, national growth over the period 1991—
2018.

Along with these two GDP-based measures, we include employment growth over the period
1991-2017 as an indicator of the region’s long-run ability to generate jobs. Employment
growth for each region is expressed as the deviation from the national rate of employment
growth. The final economic indicator is a measure of industrial employment loss (or gain) over
the period 1991-2017. We calculate the change in employment in the industrial sector as a
share of overall regional employment (i.e., the proportion of total regional employment that is
accounted for by the industrial sector in 2017, minus the proportion of total regional
employment that is accounted for by the industrial sector in 1991). This measure is a proxy for
the extent to which the overall composition of regional employment was affected by
deindustrialisation between 1991 and 2017. Both are workplace-based measures.

To capture the demographic dimension, we calculate the average annual rate of net migration
over the five-year period from January 2014 to January 2019. We are only able to cover this
more recent period due to incompleteness of the relevant data series for years before 2014.4
This indicator therefore performs a similar function as the other point-in-time measures, in that
it captures conditions in the more recent pre-Covid period. Since net migration can fluctuate
strongly from year to year, we average over multiple years to get a more representative
estimate. To capture longer-term demographic trends, we calculate the average annual rate of
population growth from 1991 to 2018. We subtract the national rate of population growth from
the regional rate to account for substantial country-level differences in population growth and



to capture regions that experienced unfavourable demographic development relative to the
national rate.

Aside from overall net migration and demographic shrinkage, the out-migration of young
people, and population ageing are seen as key facets of peripheralisation (Kiihn & Weck,
2013; Leibert & Golinski, 2016). We construct an old-age dependency ratio (the ratio of over
65s to 15-64-year-olds) in 2018, as well as a proxy indicator of youth migration. The latter is
calculated as the difference between the number of 15-19-year-olds living in the region in
2014 and the number of 20—24-year-olds living in the region in 2019, expressed as a
proportion of the total population. Given the generally low mortality rates among these age
groups, the main reason for any shortfall or excess of 20—24-year-olds over the number of 15—
19-year-olds is likely to be migration.

Thirdly, to capture the social dimension, we employ data from two projects commissioned by
the European Observation Network for Territorial Development and Cohesion (ESPON). From
the ESPON TiPSE project (Copus, 2014) we use estimated at-risk-of-poverty rates (ARoP
rates). Poverty has been suggested as an explanatory factor in the rise of discontent across
Europe and north America (lammarino et al., 2019; Rodriguez-Pose, 2018), and is more
generally seen as a feature of ‘left behind’ and peripheral regions (Leibert & Golinski, 2016;
Lichter & Schafft, 2016). Because neither EU-SILC or any other EU-wide household dataset
has sufficiently large samples to produce reliable estimates at NUTS3 level, the ESPON
TiPSE project produced estimated ARoP rates for NUTS3 regions using a variety of
approaches, including use of national statistics and area-based modelling (Melo & Copus,
2014). The at-risk-of-poverty rate is defined as the estimated proportion of regional
households with equivalised household income below 60% of the national median, and the
data on which the estimates are based are mainly from 2011.

Lastly, we assess the accessibility of services across EU15 regions, using travel time data
produced as part of the ESPON PROFECY project (Noguera et al., 2017). Though the project
calculated travel times to a wide range of services, in this paper we only use supermarkets
and convenience stores (referred to as ‘shops’ in the remainder of this paper). Unlike some of
the other services, shops are services of everyday use, and long travel times to these services
are likely to present more significant challenges for individuals and families than long travel
times to cinemas or hospitals. Moreover, travel times to shops are highly correlated with travel
times to other essential services such as primary schools and banks (Royer et al., 2022).
ESPON provides travel times for each cell in a 2.5km by 2.5km grid covering the whole of the
EU. Based on this gridded data we calculated, for each NUTS3 region, the population-
weighted median travel time to the nearest shop.® These travel times are for journeys by car
only and so will not reflect the experiences of individuals without access to a car. Nonetheless,
they provide an indication of the relative degree of accessibility of everyday services across
different regions

Other potentially relevant variables that were not available at NUTS3 scale for the whole of the
EU15 for 1991-2018 include average household income levels, labour market participation
and unemployment rates, and skill levels.



Table 1 Summary of variables used in cluster analysis

shops

Dimension Indicator Point-in-time | Year or time Data
or dynamic period source
GDP per head relative P 2018 ARDECO
to national GDP per (2021)
head
Growth in GDP per head | D 1991-2018 ARDECO
relative to growth in (2021)
) national GDP per head
Economic . i .
Change in the industrial | D 1991-2017 ARDECO
sector as a share of (2021)
regional employment
Employment growth D 1991-2018 ARDECO
relative to national (2021)
employment growth
Population growth D 1991-2018 ARDECO
relative to national (2021)
population growth
Average annual rate of | P 2014-2019 Eurostat
net migration (2021a)
(per 1,000 population)
Demographic | Old-age dependency P 2018 Eurostat
ratio (2021b)
Proxy youth migration P 2014-2019 Eurostat
indicator (Eurostat,
(implied net migration 2021b)
among 15—-24-year-olds,
per 1,000 population)
At-risk-of-poverty rate P 2011 ESPON
(2015)
Social Population-weighted P 2016 ESPON
median travel time to (2016)




Methodology

For clustering, we use the Hartigan & Wong algorithm (Hartigan & Wong, 1979; Morissette &
Chartier, 2013), which assigns each data point (i.e., each region) to a cluster centroid, and
iteratively repositions centroids and reassigns data points in order to minimize the squared
distances between the cluster centroid and the data points belonging to that cluster. In other
words, it finds clusters that are as internally similar to each other as possible. To minimize the
sensitivity to the initial centroids chosen, a ‘multi-start’ option was implemented (Franti &
Sieranoja, 2019).

The clusters obtained through the above approach were compared with the results of using a
hierarchical clustering approach (the Ward method), and the k-means approach was found to
produce a greater between-cluster separation as indicated through a higher total between-
cluster sum of squares for any given number of clusters.

Because k-means clustering is sensitive to outliers, we eliminate the most extreme
multivariate outliers as identified using the Mahalanobis distance (Mahalanobis, 1930). Seven
outliers are identified in this way (more information about these outliers can be found in
appendix A). After their removal, 1083 regions are left.

The average Silhouette width (Rousseeuw, 1987) and gap statistics (Tibshirani et al., 2001)
were examined to determine the optimal number of clusters.

4. Results

A six-cluster solution provides a suitable compromise between the proportion of the overall
variance in the data accounted for by the clusters, and the degree of cluster separation.
Below, we describe the clusters based on their mean score on each of the different indicators
(see Table 2) for summary statistics for each cluster and appendix B for results for all regions).
It has to be remembered that there remains substantial within-cluster heterogeneity, and so
what is true on average for a cluster may not necessarily correspond to the characteristics of
each region in that cluster to the same extent.

Cluster 1: Long-term economic prosperity (85 regions)

Regions in this cluster tended to have high levels of GDP per head in 2018 compared to their
country overall, as well as high rates of net migration between 2014 and 2018. Probably in
part because of the substantial net in-migration of younger age groups, old-age dependency
ratios in 2018 were on average very low and accessibility of services was on the whole very
high for this cluster. Employment and population growth in these regions also tended to
outpace national rates of growth between 1991 and 2018. On the other hand, this cluster
tended to see modest growth in GDP per head over this same period, on average even
slightly trailing behind the national rate of growth (though the population growth seen by many
of these regions means that they still saw reasonable growth in aggregate output). The
average estimated poverty rate for this cluster was slightly higher than that of the average
EU15 region.® Regions belonging to this cluster are mostly found in Germany and the UK,



with some examples in France, the Netherlands, and Austria. It is predominantly made up of
large and medium-sized cities

Cluster 2: High growth (188 regions)

This cluster is composed of regions with very high rates of GDP growth between 1991 and
2018 compared to their country as a whole, as well as very strong employment and population
growth. In recent years, net migration also tended to be strongly positive for these regions.
Levels of GDP per head in 2018 tended to be close to the national level, suggesting that these
regions experienced impressive economic growth from a position of below-average GDP per
capita in 1991 in order to catch up with national levels. On average these regions had low
rates of poverty and relatively low old-age dependency ratios. The regions in this cluster are
more evenly spread between countries than those in cluster 1, but are nonetheless
overrepresented in particular parts of the EU15: Flanders, Luxembourg, Austria, western and
southern Germany, central parts of England and the Netherlands outside the main cities. Most
of these regions are located in the EU core area or the so called ‘Blue Banana’ (Brunet &
Boyer, 1989).

Cluster 3: Relative economic and demographic stability (313 regions)

Regions in this large cluster are characterised by fairly average values across most of the
indicators. Economically, regions in this cluster tended to have GDP per capita somewhat
below the national level in 2018, and between 1991 and 2018 they on average slightly
underperformed the national rate of per capita GDP growth. Still, their economic performance
was better than that of most regions in clusters 4, 5 and 6. Rates of population growth
between 1991 and 2018 tend to have roughly followed the national average, and in recent
years these regions have on the whole seen modestly positive net migration. The only
variables on which this cluster deviates to some extent from this overall moderate or ‘middling’
profile are the estimated poverty rate, which tends to be substantially lower than for the
average EU15 region, and net youth migration, which tends to be negative. Geographically,
cluster 3 is fairly widespread, it being the most prevalent cluster in Austria, Belgium, Denmark,
France, Italy and the Netherlands. Interestingly, neither Spain nor Portugal have regions
belonging to this cluster.

Cluster 4: Economic decline and deindustrialisation (232 regions)

This cluster is composed of regions that have seen a strong deterioration in their economic
position relative to their country overall, as indicated by rates of per capita GDP growth
strongly below the national rate between 1991 and 2018. Economic output per head in 2018
tended to be somewhat below the national level for these regions. Additionally, regions in this
cluster tend to have been affected by a severe decrease in industrial employment as a share
of overall regional employment, alongside lacklustre overall employment growth. The typical
estimated poverty rate in these regions is also above that of the average for the EU15. On the
other hand, many of these regions experienced a net influx of young people in recent years,
and net migration overall was similarly positive. It is the dominant cluster in the UK, Ireland,
and Spain, and also accounts for a substantial number of regions in Belgium, France
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(particularly northern France), the Netherlands and Portugal. Significant pockets of cluster 4-
regions are also found in eastern Germany and the Ruhr area. This attests to the important
impact that economic decline, and in many cases deindustrialisation, have had on regions
within these countries.

Cluster 5: Demographic decline and ageing (164 regions)

These regions generally had very low rates of GDP per capita relative to their country as a
whole in 2018, and failed to keep up with national GDP growth between 1991 and 2018. But
perhaps the most notable characteristics of these regions are the very strong population
decline and employment decline seen from 1991 to 2018. Most of these regions experienced
not just relative, but absolute decreases in population between 1991 and 2018 (see appendix
C). Though in recent years overall net migration was on average moderately positive for this
cluster, younger age groups seem to have left in net terms, which is probably a contributing
factor to the very high old-age dependency ratios seen in these regions. Overall, the story
seems to be one of substantial demographic decline and population ageing. These regions
are much more prevalent in northern and central parts of the EU15 — in Sweden, Finland,
Denmark, Germany (particularly eastern Germany), France, and parts of the UK. To the extent
that this cluster is found in southern-European countries, it tends to be in the northern parts of
these countries (e.g. northern Spain and ltaly).

Cluster 6: Disconnected, high poverty (101 regions)

Regions in this cluster share similarities with those in cluster 5, in the sense of being
characterised by low levels of GDP per head, lacklustre economic growth, and population
decline (again, most regions in this cluster lost population in absolute and not just relative
terms). What sets this cluster apart, however, are the high estimated rates of regional poverty,
and the very high travel times to the nearest shop found in these regions. The overall
impression of this cluster is therefore one of disconnected regions with low service
accessibility and a high prevalence of poverty. Population ageing was not as severe in most of
this cluster as in the regions belonging to cluster 5, and the rate of (relative) population loss is
also less extreme — though these regions tend to have experienced negative net migration in
recent years. In contrast to cluster 5, this cluster is prevalent in the Mediterranean countries. A
fifth of Spanish regions, almost a third of (mostly southern) Italian regions, almost half of
Greece’s regions, and three-quarters of Portuguese regions belong to cluster 6.
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Table 2: Summary statistics for the six clusters

GDP per head

Growth in GDP per head
Change in industrial
employment share
Employment growth
Population growth

Net migration

Old-age dependency ratio
Net youth migration
Poverty rate

Cluster 1 Cluster 2 Cluster 3

Long-term High growth Relative economic

economic and demographic
mean score on each indicator prosperity stability

mean score on each indicator

GDP per head

Growth in GDP per head
Change in industrial
employment share

Employment growth
Population growth

Net migration

Old-age dependency ratio
Net youth migration
Poverty rate

Median travel time to shops

deindustrialisation

2.0

ageing

Median travel time to shops 1.4

Number of regions 85 188 313

% of total regions 7.8 17.4 28.9

Population (2018) 39,893,159 83,852,968 91,111,543

% of total population 9.9 20.8 22.7
Cluster 4 Cluster 5 Cluster 6
Economic decline | Demographic | Disconnected, high
and decline and poverty

Number of regions
% of total regions
Population (2018)
% of total population

232

214
119,738,620
32.0

0.75

164

15.1
36,408,477
9.7

101
9.3
31,191,441
8.3

Source: Authors’ analysis based on ARDECO, Eurostat and ESPON data.
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Figure 1: Spatial distribution of clusters across NUTS3 regions in the EU15

Cluster membership

Cluster 1: long-term economic prosperity
Cluster 2: high growth

Cluster 3: economic and demographic stability
Cluster 4: deindustrialisation and economic decline
Cluster 5: demographic decline and ageing
Cluster 6: disconnected, high poverty

No data

Source: Authors’ analysis based on ARDECO, Eurostat and ESPON data. Boundaries are from EuroGraphics.
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5. Discussion

Out of the six clusters, clusters 1, 2, and 3 do not appear to be particularly ‘left behind’.
Clusters 1 and 2 are characterised by high levels of relative economic development and/or
strong economic growth, alongside moderate to high employment and population growth. An
exception to this overall positive picture is the relatively high average estimated poverty rate in
cluster 1, which highlight the importance of the spatial scale at which ‘left-behindness’ is
considered. Approached at a smaller scale, areas of deprivation within otherwise economically
successful regions could be seen as ‘left behind’. However, at the regional scale, the wider
economic context within which areas of poverty are located becomes visible, reflecting the
imperfect correspondence between economic performance and living standards.

One reason for this disconnection is that residential geographies are not contiguous with
geographies of employment and economic production, meaning income generated in one
region may be ‘exported’ to another through commuting (Segessemann & Crevoisier, 2016).
This may also explain the low rates of poverty found in cluster 3, despite levels of GDP per
capita lagging behind the national average in many of these regions. The relative absence of
poverty is one of the reasons why cluster 3, taken overall, does not fit the description ‘left
behind’. In addition, most of these regions did not experience substantial economic or
demographic decline over the past four decades.

On the other hand, clusters 4, 5 and 6 have several of the features commonly associated with
‘left behind’ places. Regions in all three clusters tend to have low levels of economic
development compared to their country overall, and moreover tend to have lagged behind
national rates of economic growth over the past few decades, potentially pointing to a process
of economic de-coupling (Kihn & Weck, 2013). Rates of population and employment growth
also tend to have been below the national rate for each of these three clusters, with lower
rates of net migration than seen in the first three clusters, alongside relatively high rates of
poverty.

But there are important differences between these three clusters, suggesting they can be
interpreted as representing different varieties of ‘left-behindness’ (Haase et al. 2016). These
varieties differ both in terms of the dimensions on which they are ‘left behind’ and in terms of
the temporality of their ‘left behind’ condition.

For clusters 5 and 6, demographic decline is a major feature, with most regions in these
clusters having experienced substantial population shrinkage over past decades. In cluster 4
on the other hand, the economic decline and, in many cases, deindustrialisation that occurred
over the period 1991 — 2018 was not in general accompanied by notable population
decreases, though some of these regions may have experienced episodes of population
decline prior to 1991. As such the challenges faced by these regions are mainly economic,
rather than demographic, in nature. These findings suggest that, while demographic shrinkage
often has economic causes (Haase et al., 2016), (ongoing) economic decline doesn’t
necessarily lead to (further) large-scale population loss. As Kiihn (2015) points out, though
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different dimensions of peripheralisation often reinforce each other, they can also remain
apart.

Another substantive issue that doesn’t seem to be a major problem for cluster 4, nor for most
regions in cluster 5, is accessibility of key services. Service accessibility is, however, a
challenge faced by a substantial number of regions in cluster 6, with 39 per cent of regions
having a median travel time to the nearest shop of more than 6 minutes by car. Service
accessibility in these regions is likely to be dependent on decisions regarding the location of
public and private services made by faraway actors (Kihn & Weck, 2013), who will often be
making such decisions based on efficiency considerations and the size of local markets. With
population declining in many of these regions, they may be particularly susceptible to further
service withdrawal and disconnection, furthering the peripheralisation process.

There are also contrasts between the clusters in terms of the temporal expression of their ‘left
behind’ condition. This can be most clearly seen when it comes to the economic dimension.
Whereas cluster 4 is characterised by strong relative decline in terms of per capita GDP —
these regions on average having started out with levels of economic development not far
below the national average but having seen their relative position deteriorate over time —
clusters 5 and 6 are characterised by a trend of long-term economic stagnation from an
already low base in 1980. We can also see a contrast between the stable economic prosperity
of cluster 1, and the strong economic growth experienced by most regions in cluster 2. This is
potentially indicative of the emergence of new regional ‘core’ areas of innovation and growth
to rival, or perhaps even supplant, older financial and administrative centres, and a reminder
that core-periphery relations are always in flux (Kiihn & Weck, 2013).

Conclusion

This paper addresses the conceptual vagueness that plagues the notion of ‘left-behind’
regions (Pike et al., n.d.) through an empirical analysis of ‘left-behindness’ in the EU15.
Drawing on related theories and concepts including uneven economic development, shrinkage
and peripheralisation, we use multiple economic, demographic and social indicators of ‘left-
behindness’ to construct a typology of NUT3 regions. Out of the six clusters identified, clusters
4, 5 and 6 (‘economic decline and deindustrialisation’, ‘demographic decline and aging’ and
‘disconnected, high poverty’) could be argued to describe different types of ‘left-behindness’,
each with their own set of characteristics. Unlike studies that focus more narrowly on
economic indicators such as economic growth or convergence, we deliberately incorporate a
wider set of variables. And in contrast to studies of population shrinkage, we move beyond a
focus on demographically shrinking regions by identifying a group of regions that have been
relatively unaffected by population loss over the past several decades, despite being
economically ‘left behind’.

This group of regions (cluster 4) provides food for thought with regards to the concept of
peripheralisation. Debates about peripheralisation are often linked to demographic decline.
According to Kiihn and Weck (2013), out-migration should even be seen as a core indicator of
peripheralisation. Yet we find that there is a large group of regions (cluster 4) that, on the
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basis of our (imperfect) indicators, do not appear to be particularly affected by (net) out-
migration or population loss more generally. Yet these regions have been subject to several
negative trends over recent decades, including deindustrialisation, economic decline, and
lacklustre employment growth. Underlying these trends, they have probably been subject to
some of the same key elements of peripheralisation as demographically shrinking regions,
such as economic and infrastructural de-coupling and increasing dependency on external
centres of innovation and decision-making. This suggests that the process of peripheralisation
will vary considerably between regions and may not always be associated with out-migration
and population decline.

The analysis presented in this paper has several limitations. One of which is that several
aspects of ‘left behind’ regions, such as skill levels, average incomes, social attitudes, could
not be incorporated due to the lack of comparable, EU-wide data on social indicators at
NUTS3 level. Analysis at a national level may enable more detailed insights into these aspects
due to greater data availability. Additionally, our approach to evaluating regional change by
measuring growth between two time-points inevitably obscures the more intricate trajectories
of growth and decline that regions have been subject to, something we focus on in other work
(Le Petit-Guerin et al., n.d.).

Nonetheless, the analysis presented here adds to ongoing discussions about ‘left behind’
places by demonstrating the variegated nature of these territories. While the term has a
degree of empirical validity, in the sense that it is possible to identify regions affected by the
(combinations of) processes invoked in characterisations of ‘left behind’ places, it is important
to consider the differences between such places and not regard them as homogenous. More
broadly, if terms such as ‘left behind places’ are to have any real analytical and theoretical
value, it is important to clearly define what we mean by them. We argue that using the
conceptual building blocks of dimensions (‘what’), scale (‘where’) and temporality (‘when’) is a
useful way of doing this.

6. Endnotes

" Nomenclature of territorial units for statistics — level 3.

2 Austria, Belgium, Denmark, Finland, France, Germany, Greece, Ireland, Italy, Luxembourg,
Netherlands, Portugal, Spain, Sweden, and the United Kingdom.

3 Though these expressions of discontent, are important symptoms of the conditions in ‘left behind’
regions, the focus of this paper is not discontent but the underlying processes — economic decline and
stagnation, population shrinkage, loss of services — that appear to have resulted in feelings of
disaffection in many regions.

4 Because data are missing for 16 Scottish regions and all 11 Northern Irish regions prior to 2017, for
these regions we calculate the average migration rate for 2017 and 2018.

5 See Royer et al. (2022) for more information on calculation of median travel times.

6 Bear in mind that poverty rates are based on national income distributions.

16



References

Anderson, B. (2006). Imagined Communities: Reflections on the origin and spread of
nationalism. Verso books.

ARDECQO. (2021). Annual Regional Database of the European Commission’s Directorate
General for Regional and Urban Policy. Knowledge Centre for Territorial Policies,
European Commission. https://knowledge4policy.ec.europa.eu/territorial/ardeco-
online_en

Bartholomae, F., Woon Nam, C., & Schoenberg, A. (2017). Urban shrinkage and resurgence
in Germany. Urban Studies, 54(12), 2701-2718.
https://doi.org/10.1177/0042098016657780

Beéal, V., Fol, S., Miot, Y., & Rousseau, M. (2019). Varieties of right-sizing strategies:
comparing degrowth coalitions in French shrinking cities. Urban Geography, 40(2),
192-214. https://doi.org/10.1080/02723638.2017.1332927

Bolton, M., Day, R., & Leach, M. (2019). England’s overlooked neighbourhoods: Defining,
understandin...: Ingenta Connect. Journal of Urban Regeneration & Renewal, 13(2).
https://www.ingentaconnect.com/content/hsp/jurr/2019/00000013/00000002/art00002

Brunet, R., & Boyer, J.-C. (1989). Les Villes “européennes”: rapport pour la DATAR,
Délégation a 'aménagement du territoire et a I'action régionale. La Documentation
frangaise.

Carreras, M., Irepoglu Carreras, Y., & Bowler, S. (2019). Long-Term Economic Distress,
Cultural Backlash, and Support for Brexit. Comparative Political Studies, 52(9), 1396—
1424. https://doi.org/10.1177/0010414019830714

Cauchi-Duval, N., Béal, V., & Rousseau, M. (2016). La décroissance urbaine en France:
Des villes sans politique. Espace-Populations-Societes, 1.
https://doi.org/10.4000/eps.6112

Copus, A. (2014). TIiPSE The Territorial Dimension of Poverty and Social Exclusion in
Europe - Final Report. ESPON. https://www.espon.eu/tipse

Dijkstra, L., Poelman, H., & Rodriguez-Pose, A. (2020). The geography of EU discontent.
Regional Studies, 54(6), 737—753. https://doi.org/10.1080/00343404.2019.1654603

Dorling, D., & Pritchard, J. (2010). The geography of poverty, inequality and wealth in the UK
and abroad: Because enough is never enough. Applied Spatial Analysis and Policy,
3(2), 81-106. https://doi.org/10.1007/s12061-009-9042-8

Eaton, G. (2021, April 28). London’s poorest risk becoming the new “left behind.” The New
Statesman. https://lwww.newstatesman.com/politics/2021/04/london-s-poorest-risk-
becoming-new-left-behind

ESPON. (2015). Estimated at-risk-of-poverty rates for NUTS3 regions. Dataset created as
part of ESPON TiPSE project and provided by Andrew Copus.

ESPON. (2016). Travel times to Services of General Interest (PROFECY project data
package). ESPON Database - Theme 8.
https://database.espon.eu/maindata/#/?theme=8

Essletzbichler, J., Disslbacher, F., & Moser, M. (2018). The victims of neoliberal globalisation
and the rise of the populist vote: A comparative analysis of three recent electoral
decisions. Cambridge Journal of Regions, Economy and Society, 11(1), 73—94.
https://doi.org/10.1093/cjres/rsx025

17



Eurostat. (2021a). Population change - Demographic balance and crude rates at regional
level (NUTS 3) DEMO_R_GINDS3.
https://ec.europa.eu/eurostat/databrowser/view/DEMO_R_GIND3__custom_2632722/d
efault/table?lang=en

Eurostat. (2021b). Population on 1 January by age group, sex and NUTS 3 region
DEMO_R_PJANGRPS.
https://ec.europa.eu/eurostat/databrowser/view/DEMO_R_PJANGRP3 __ custom_ 2632
771/default/table?lang=en

Flint, J., & Powell, R. (2021). Beyond the noosphere? Northern England’s ‘left behind’
urbanism. Global Urbanism: Knowledge, Power and the City, 80—87.
https://doi.org/10.4324/9780429259593-11

Fortner, M., Belina, B., & Naumann, M. (2021). The revenge of the village? The geography
of right-wing populist electoral success, anti-politics, and austerity in Germany.
Environment and Planning C: Politics and Space, 39(3), 574-596.
https://doi.org/10.1177/2399654420951803

Franklin, R. S. (2021). The demographic burden of population loss in US cities, 2000-2010.
Journal of Geographical Systems, 23(2), 209-230. https://doi.org/10.1007/S10109-019-
00303-4/FIGURES/6

Franti, P., & Sieranoja, S. (2019). How much can k-means be improved by using better
initialization and repeats? Pattern Recognition, 93, 95-112.
https://doi.org/10.1016/J.PATCOG.2019.04.014

Guilluy, C. (2015). La France périphérique: comment on a sacrifié les classes populaires.
Flammarion.

Haase, A., Bernt, M., GroRmann, K., Mykhnenko, V., & Rink, D. (2016). Varieties of
shrinkage in European cities. European Urban and Regional Studies, 23(1), 86—102.
https://doi.org/10.1177/0969776413481985

Hartigan, J. A., & Wong, M. A. (1979). Algorithm AS 136: A K-Means Clustering Algorithm.
Applied Statistics, 28(1), 100. https://doi.org/10.2307/2346830

Hartt, M. (2018). The diversity of North American shrinking cities. Urban Studies, 55(13),
2946-2959. https://doi.org/10.1177/0042098017730013

Hollander, J. B. (2011). Can a city successfully shrink? evidence from survey data on
neighborhood quality. Urban Affairs Review, 47(1), 129-141.
https://doi.org/10.1177/1078087410379099

lammarino, S., Rodriguez-Pose, A., & Storper, M. (2019). Regional inequality in Europe:
evidence, theory and policy implications. Journal of Economic Geography, 19(2), 273—
298. https://doi.org/10.1093/JEG/LBY021

lammarino, S., Rodriguez-Pose, A., & Storper, M. (2017). Why Regional Development
matters for Europe’s Economic Future. Regional and Urban Policy Working Papers
(European Commission), 7, 1-31. http://www.europa.eu

lammarino, S., Rodriguez-Pose, A., Storper, M., & Diemer, A. (2020). Falling into the Middle-
Income Trap: A Study on the Risks for EU Regions to be Caught in a Middle-Income
Trap. Final Report. In European Commission. https://doi.org/10.2776/02363

Jennings, W., & Stoker, G. (2019). The divergent dynamics of cities and towns:
Geographical polarisation and brexit. In Political Quarterly (Vol. 90, Issue S2, pp. 155—
166). John Wiley & Sons, Ltd. https://doi.org/10.1111/1467-923X.12612

18



Karp, D. N., Bagchi-Sen, S., & Rogerson, P. (2022). Not all shrinking places are similar: The
variegated nature of population decline in the United States. Applied Geography, 138,
102581. https://doi.org/10.1016/j.apgeog.2021.102581

Kemeny, T., & Storper, M. (2020). Superstar cities and left-behind places: Disruptive
innovation, labor demand, and interregional Inequality. In LSE Working Paper, London
School of Economics (Issue February, pp. 1-39). International Inequalities Institute,
London School of Economics and Political Science.
http://eprints.Ise.ac.uk/103312/1/Kemeny_superstar_cities_left_behind_place_wp41.pdf

Kilroy, A., & Ganau, R. (2020). Economic Growth in European Union NUTS-3 Regions. In
World Bank Group, Policy Research Working Paper. http://lwww.worldbank.org/prwp.

Kihn, M. (2015). Peripheralization: Theoretical Concepts Explaining Socio-Spatial
Inequalities. European Planning Studies, 23(2), 367-378.
https://doi.org/10.1080/09654313.2013.862518

Kihn, M., & Weck, S. (2013). Peripherisierung—ein Erklarungsansatz zur Entstehung von
Peripherien. In M. Bernt & H. Liebmann (Eds.), In Peripherisierung, Stigmatisierung,
Abhéngigkeit? Springer VS. https://doi.org/10.1007/978-3-531-19130-0_2

Lang, T. (2012). Shrinkage, Metropolization and Peripheralization in East Germany.
European Planning Studies, 20(10), 1747-1754.
https://doi.org/10.1080/09654313.2012.713336

Le Petit-Guerin, M., Velthuis, S., Royer, J., Franklin, R., Cauchi-Duval, N., Leibert, T.,
MacKinnon, D., & Pike, A. (n.d.). Trajectories of ‘left-behindness’ in the EU15: a
regional analysis from 1982 to 2017. Cambridge Journal of Regions, Economy and
Society.

Leibert, T., & Golinski, S. (2016). Peripheralisation: The Missing Link in Dealing with
Demographic Change? Comparative Population Studies, 41(3—4).
https://doi.org/10.12765/CP0OS-2017-02

Lichter, D. T., & Schafft, K. A. (2016). People and Places Left Behind. The Oxford Handbook
of the Social Science of Poverty, 1, 317.
https://doi.org/10.1093/OXFORDHB/9780199914050.013.15

Mahalanobis, P. C. (1930). On tests and measures of group divergence. Journal and
Proceedings, Asiatic Society of Bengal, 26(4), 541-588.
http://library.isical.ac.in:8080/xmlui’handle/10263/1639

MaleSevi¢, S. (2019). Grounded nationalisms: A sociological analysis. Cambridge University
Press.

Martin, R., Gardiner, B., Pike, A., Sunley, P., & Tyler, P. (2021). Levelling up Left Behind
Places : The Scale and Nature of the Economic and Policy Challenge.
https://doi.org/10.4324/9781032244341

Martin, R., Tyler, P., Storper, M., Evenhuis, E., & Glasmeier, A. (2018). Globalization at a
critical conjuncture? Cambridge Journal of Regions, Economy and Society, 11(1), 3—16.
https://doi.org/10.1093/CJRES/RSY002

Martinez-Fernandez, C., Audirac, I., Fol, S., & Cunningham-Sabot, E. (2012). Shrinking
Cities: Urban Challenges of Globalization. International Journal of Urban and Regional
Research, 36(2), 213-225. https://doi.org/10.1111/J.1468-2427.2011.01092.X

McCann, P. (2017). Urban futures, population ageing and demographic decline. Cambridge
Journal of Regions, Economy and Society, 10(3), 543-557.
https://doi.org/10.1093/cjres/rsx009

19



McCann, P., & Ortega-Argilés, R. (2021). The UK ‘geography of discontent”: narratives,
Brexit and inter-regional “levelling up”.” Cambridge Journal of Regions, Economy and

Society, September, 545-564. https://doi.org/10.1093/cjres/rsab017

Melo, P., & Copus, A. (2014). TiPSE: The Territorial Dimension of Poverty and Social
Exclusion in Europe - Annex 5: Implementation of Poverty Mapping. ESPON.
https://www.espon.eu/tipse

Morissette, L., & Chartier, S. (2013). The k-means clustering technique: General
considerations and implementation in Mathematica. Tutorials in Quantitative Methods
for Psychology, 9(1), 15-24.

Nilsen, T., Grillitsch, M., & Hauge, A. (2022). Varieties of periphery and local agency in
regional development. Regional Studies.
https://doi.org/10.1080/00343404.2022.2106364

Noguera, J., Ortega-Reig, M., del Alcazar, H., Copus, A., Berlina, A., Moodie, J., Mantino, F.,
Forcina, B., Weck, S., BeiBwenger, S., Hans, N., Tagai, G., Kods, B., Kovacs, K.,
Uzzoli, A., Dax, T., Machold, I., Schirmann, C., Tobiasz-Lis, P., ... Wojcik, M. (2017).
PROFECY - Inner Peripheries: National territories facing challenges of access to basic
services of general interest - final report. ESPON. https://www.espon.eu/inner-
peripheries

Pike, A., Béal, V., Cauchi-Duval, N., Franklin, R., Kinossian, N., Lang, T., Leibert, T.,
MacKinnon, D., Rousseau, M., Royer, J., Servillo, L., Tomaney, J., & Velthuis, S. (n.d.).
‘Left behind places’: a geographical etymology. Regional Studies.

Pilati, M., & Hunter, A. (2020). Research for REGI Committee - EU lagging regions: state of
play and future challenges. In European Parliament, Policy Department for Structural
and Cohesion Policies, Brussels.

Pugh, R., & Dubois, A. (2021). Peripheries within economic geography: Four “problems” and
the road ahead of us. Journal of Rural Studies, 87, 267-275.
https://doi.org/10.1016/J.JRURSTUD.2021.09.007

Ribant, M., & Chen, X. (2020). A Typology of U.S. Shrinking Cities. Professional
Geographer, 72(1), 152—164. https://doi.org/10.1080/00330124.2019.1633366

Rodriguez-Pose, A. (2018). The revenge of the places that don’t matter (and what to do
about it). Cambridge Journal of Regions, Economy and Society, 11(1), 189-209.
https://doi.org/10.1093/CJRES/RSX024

Rodriguez-Pose, A., Lee, N., & Lipp, C. (2021). Golfing with Trump. Social capital, decline,
inequality, and the rise of populism in the US. Cambridge Journal of Regions, Economy
and Society, 14(3), 457—481. https://doi.org/10.1093/CJRES/RSAB026

Rousseeuw, P. J. (1987). Silhouettes: A graphical aid to the interpretation and validation of
cluster analysis. Journal of Computational and Applied Mathematics, 20(C), 53-65.
https://doi.org/10.1016/0377-0427(87)90125-7

Royer, J., Velthuis, S., Le Petit-Guerin, M., Franklin, R., Leibert, T., Cauchi-Duval, N.,
MacKinnon, D., & Pike, A. (2022). Regional travel times to services of general interest
in the EU15. In Beyond Left Behind Places Project Working Paper (02/2022).
https://doi.org/10.31235/osf.io/c2bvh

Segessemann, A., & Crevoisier, O. (2016). Beyond Economic Base Theory: The Role of the
Residential Economy in Attracting Income to Swiss Regions. Regional Studies, 50(8),
1388-1403. https://doi.org/10.1080/00343404.2015.1018882

Tibshirani, R., Walther, G., & Hastie, T. (2001). Estimating the number of clusters in a data

20



set via the gap statistic. Journal of the Royal Statistical Society: Series B (Statistical
Methodology), 63(2), 411-423. https://doi.org/10.1111/1467-9868.00293

Ulrich-Schad, J. D., & Duncan, C. M. (2018). People and places left behind: work, culture
and politics in the rural United States. Journal of Peasant Studies, 45(1), 59-79.
https://doi.org/10.1080/03066150.2017.1410702

Wiechmann, T., & Pallagst, K. M. (2012). Urban shrinkage in Germany and the USA: A
Comparison of Transformation Patterns and Local Strategies. International Journal of
Urban and Regional Research, 36(2), 261-280. https://doi.org/10.1111/J.1468-
2427.2011.01095.X

Wolff, M., Haase, A., & Leibert, T. (2021). Contextualizing small towns—trends of
demographic spatial development in Germany 1961-2018. Geografiska Annaler, Series
B: Human Geography, 103(3), 196-217.
https://doi.org/10.1080/04353684.2021.1884498

Wolff, M., & Wiechmann, T. (2018). Urban growth and decline: Europe’s shrinking cities in a
comparative perspective 1990-2010. European Urban and Regional Studies, 25(2),
122-139. https://doi.org/10.1177/09697764 17694680

Wuthnow, R. (2018). The Left Behind. In The Left Behind: Decline and Rage in Small-Town
America. Princeton University Press. https://doi.org/10.23943/9781400889501

21



	Sanne Velthuis*, Jeroen Royer**, Mehdi Le Petit-Guerin***, Nicolas Cauchi-Duval***, Rachel Franklin*, Tim Leibert**, Danny MacKinnon*, Andy Pike*
	* Centre for Urban and Regional Development Studies (CURDS), Newcastle University
	** Leibniz-Institut für Länderkunde
	*** Sociétés, Acteurs, Gouvernement en Europe (SAGE), Université de Strasbourg
	Abstract


	1. Introduction
	2.  ‘Left behind ‘how’, ‘where’, ‘when’, and ‘in relation to what’?
	The use of the term ‘left behind places’, originating in the Anglophone world, has accelerated since the 2008 global financial crisis and is used across the Global North to label territories that have been negatively affected by globalisation, economi...
	The construction of ‘left-behindness’
	The multidimensionality of ‘left-behindness’
	The scale of ‘left-behindness’
	The temporal nature of ‘left-behindness’

	3. Data and methods
	Variables and data sources
	Methodology

	4. Results
	5. Discussion
	6. Endnotes
	References


